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ABSTRACT

The increasing adoption of artificial intelligence
(Al) in financial management requires a human-
centered approach to enhance decision quality
and ensure sustainable corporate performance.
This study examines the effect of Human-
Centered Artificial Intelligence Adoption on
Financial Decision Making Quality and its
implications  for  Sustainable = Corporate
Performance. A quantitative cross-sectional
survey was conducted involving 120 financial
managers and executives from Indonesian
companies using Al-based financial systems.
Data were collected through structured
questionnaires and analyzed using Partial Least
Squares Structural Equation Modeling (PLS-
SEM). The results indicate that Human-
Centered Al Adoption significantly improves
Financial Decision Making Quality, which
subsequently enhances Sustainable Corporate
Performance. These findings highlight the
strategic role of human-centered Al in
supporting high-quality financial decisions and

promoting long-term organizational
sustainability.
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INTRODUCTION

Artificial Intelligence (Al) has become one of the most transformative
digital technologies reshaping financial management and corporate decision-
making across industries. The rapid advancement of machine learning,
predictive analytics, and generative Al has enabled organizations to improve
forecasting accuracy, automate financial reporting, optimize budgeting, and
strengthen risk management. Nevertheless, the increasing reliance on Al has
also raised concerns regarding transparency, accountability, ethical governance,
and excessive dependence on algorithmic recommendations, thereby
encouraging the emergence of the Human-Centered Artificial Intelligence
(HCAI) paradigm that emphasizes collaboration between humans and
intelligent systems rather than replacing human judgment (Floridi & Cowls,
2022). This perspective is consistent with the Socio-Technical Systems Theory,
which argues that organizational performance depends on the harmonious
interaction between technological systems and human capabilities.
Consequently, organizations are increasingly expected to implement Artificial
Intelligence that enhances managerial competence while preserving human
oversight, transparency, and accountability in strategic financial decision-
making (Stahl & Wright, 2024).

Globally, AI adoption in financial management has accelerated
significantly as organizations seek greater efficiency, accuracy, and
competitiveness in increasingly dynamic business environments. Financial
institutions and corporations increasingly leverage AI for fraud detection,
investment analysis, financial forecasting, credit assessment, and real-time risk
monitoring, enabling more accurate, efficient, and data-driven managerial
decisions (Alaminos et al., 2024). In Indonesia, Al adoption has also expanded
rapidly, particularly within banking, insurance, and financial technology
sectors, supported by increasing digital transformation initiatives and
investments in Al infrastructure. Recent reports indicate that Indonesian
financial institutions recognize Generative Al as a strategic technology capable
of improving operational efficiency, customer services, and financial decision
quality, although challenges remain regarding data readiness, employee
competence, governance, and ethical implementation (Boston Consulting
Group, 2024). These developments demonstrate that Al implementation should
not merely pursue automation but must ensure that technology complements
human expertise to generate sustainable organizational value.

From a theoretical perspective, the Resource-Based View explains that
advanced technological resources alone cannot generate sustainable
competitive advantage unless they are integrated with valuable organizational
capabilities, including managerial knowledge, analytical competence, and
effective decision-making processes. Human-Centered Artificial Intelligence
therefore represents a strategic organizational capability that combines
intelligent technologies with human expertise to improve the quality of
financial decisions and organizational performance. Previous studies have
consistently reported that AI adoption enhances organizational efficiency,
predictive accuracy, and managerial effectiveness; however, most of these
studies emphasize technological capabilities and digital transformation rather
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than investigating how Human-Centered Artificial Intelligence improves the
quality of financial decision-making Rane et al. (2024). Moreover, empirical
evidence regarding the mediating role of Financial Decision Making Quality in
explaining the relationship between Human-Centered Artificial Intelligence
Adoption and Sustainable Corporate Performance remains limited, particularly
in emerging economies such as Indonesia. Therefore, this study seeks to
address these theoretical and empirical gaps by examining the influence of
Human-Centered Artificial Intelligence Adoption on Financial Decision Making
Quality and its implications for Sustainable Corporate Performance in
Indonesian companies.

Although previous studies have demonstrated the positive impact of
Artificial Intelligence on organizational performance, several important
research gaps remain. For example, Herrmann and Pfeiffer (2023) argued that
future Artificial Intelligence research should move beyond technology adoption
by examining how human capabilities and intelligent systems interact to
support effective organizational decision-making. Similarly, Ben Shneiderman
(2022) argued that organizations should prioritize Human-Centered Artificial
Intelligence because Al systems that neglect human oversight may reduce
transparency, accountability, and trust despite improving operational
efficiency. Artificial Intelligence adoption significantly enhances organizational
performance by improving operational efficiency, innovation capability, and
data-driven decision-making. However, their study primarily focused on
overall organizational outcomes and did not specifically examine the role of
Financial Decision Making Quality as an intervening mechanism between
Human-Centered Artificial Intelligence Adoption and Sustainable Corporate
Performance. Furthermore, most empirical studies have been conducted in
developed countries, leaving limited evidence regarding Human-Centered
Artificial Intelligence implementation in emerging economies, particularly
within Indonesian companies where organizational culture, technological
readiness, and managerial capabilities differ considerably.

Based on these gaps, this study aims to analyze the effect of Human-
Centered Artificial Intelligence Adoption on Financial Decision Making Quality
and examine its implications for Sustainable Corporate Performance.
Specifically, the study seeks to determine whether Human-Centered Al
enhances the quality of financial decisions by improving analytical accuracy,
reducing cognitive bias, supporting timely decision-making, and strengthening
managerial judgment. Furthermore, this study investigates whether Financial
Decision Making Quality mediates the relationship between Human-Centered
Al Adoption and Sustainable Corporate Performance. The conceptual
framework integrates the Resource-Based View, Socio-Technical Systems
Theory, and Human-Centered Artificial Intelligence principles to explain how
technological capabilities and human expertise jointly create organizational
value. Therefore, the findings are expected to provide comprehensive empirical
evidence regarding the strategic role of Human-Centered Al in modern
corporate financial management.
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This study is expected to contribute theoretically and practically to the
growing literature on Artificial Intelligence, financial management, and
sustainable business performance. From a theoretical perspective, the study
extends previous research by integrating Human-Centered Artificial
Intelligence Adoption, Financial Decision Making Quality, and Sustainable
Corporate Performance into a unified research framework, thereby enriching
discussions within the Resource-Based View and Socio-Technical Systems
Theory. In addition, the study addresses the limited empirical evidence
concerning the mediating role of Financial Decision Making Quality in
explaining how Human-Centered Al contributes to long-term organizational
sustainability. From a practical perspective, the findings are expected to
provide valuable insights for corporate executives, financial managers,
policymakers, and technology developers in designing Al implementation
strategies that emphasize collaboration between humans and intelligent
systems rather than complete automation. Ultimately, the research is expected
to support organizations in developing more accurate, transparent, ethical, and
sustainable financial decision-making processes while strengthening long-term
corporate competitiveness in the digital economy.

LITERATURE REVIEW
Human-Centered Artificial Intelligence Adoption

Human-Centered Artificial Intelligence (HCAI) refers to an approach
that positions Artificial Intelligence as a collaborative technology designed to
augment rather than replace human intelligence in organizational decision-
making. Unlike conventional Al adoption, HCAI emphasizes transparency,
explainability, accountability, and continuous human oversight to ensure that
Al supports managerial judgment while maintaining ethical governance and
stakeholder trust. This approach enables organizations to leverage Al
capabilities to improve decision quality, operational efficiency, and
organizational performance while preserving human control over strategic
decisions. Recent studies highlight that successful Al implementation depends
not only on technological capabilities but also on organizational conditions that
facilitate human-centered Al adoption and meaningful human involvement
throughout Al-supported processes (Altepost et al., 2024).

From the Resource-Based View perspective, Human-Centered Artificial
Intelligence Adoption is considered a strategic organizational capability that
integrates technological resources with human expertise to create sustainable
competitive advantages. Organizations implementing human-centered Al are
more likely to achieve reliable, transparent, and data-driven decision-making
because Al functions as a decision-support system rather than an autonomous
decision-maker. Furthermore, maintaining human agency and oversight
strengthens organizational trust in Al while improving the effectiveness of Al-
assisted decision-making, thereby supporting long-term organizational
sustainability (Sele & Chugunova, 2024).
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Financial Decision Making Quality

Financial Decision Making Quality refers to the extent to which financial
decisions are accurate, timely, objective, and capable of achieving
organizational goals while minimizing uncertainty and financial risks. High-
quality financial decision-making requires comprehensive information,
analytical capabilities, and effective evaluation of available alternatives to
support strategic decisions related to investment, budgeting, financing, and risk
management. In the digital era, Artificial Intelligence has increasingly been
adopted to enhance financial analysis by processing large volumes of financial
data, generating predictive insights, and supporting evidence-based managerial
decisions. Consequently, Al-assisted financial decision-making enables
organizations to improve decision accuracy, reduce cognitive bias, and
strengthen financial planning in dynamic business environments (Alaminos et
al., 2024).

The quality of financial decision-making is considered a key determinant
of sustainable organizational performance because strategic financial decisions
directly influence profitability, operational efficiency, and long-term business
resilience. Recent studies suggest that Al-supported financial systems improve
managerial decision quality by providing real-time information, predictive
analytics, and intelligent recommendations that complement human expertise
rather than replacing managerial judgment. Therefore, organizations that
successfully integrate Artificial Intelligence with human knowledge and
financial expertise are more likely to achieve superior financial performance
and sustainable competitive advantage in increasingly complex business
environments (Mhlanga, 2023).

Sustainable Corporate Performance

Sustainable Corporate Performance refers to an organization's ability to
achieve long-term success by balancing economic, environmental, and social
objectives within its business operations. This concept extends beyond
traditional financial performance by emphasizing the integration of
sustainability principles into strategic management, corporate governance, and
value creation. According to the Triple Bottom Line perspective, organizations
are expected to generate economic value while simultaneously minimizing
environmental impacts and contributing positively to society. Consequently,
sustainable corporate performance has become a critical indicator of
organizational resilience and long-term competitiveness in increasingly
dynamic business environments (Elkington, 2020; Fatima & Elbanna, 2023).

Recent studies indicate that digital technologies, particularly Artificial
Intelligence, play an increasingly important role in improving sustainable
corporate performance by enhancing operational efficiency, supporting data-
driven strategic decisions, optimizing resource utilization, and strengthening
environmental and social responsibility initiatives. Al-enabled decision support
systems help organizations improve productivity while reducing operational
risks and promoting sustainable business practices. Therefore, organizations
that effectively integrate Artificial Intelligence with sound managerial

863



Ekadjaja

capabilities and sustainability-oriented strategies are more likely to achieve
superior long-term corporate performance and sustainable competitive
advantage Nishant et al. (2020).

Relationship between Human-Centered Artificial Intelligence Adoption, Financial
Decision Making Quality, and Sustainable Corporate Performance

The integration of Human-Centered Artificial Intelligence (HCAI) into
organizational financial management is expected to improve Financial Decision
Making Quality by combining intelligent technologies with human expertise.
Rather than replacing managerial judgment, HCAI assists decision-makers
through predictive analytics, intelligent recommendations, and real-time
financial insights, enabling more accurate, objective, and evidence-based
financial decisions. Recent studies indicate that Al-supported decision systems
enhance managerial effectiveness and organizational decision quality when
human oversight remains an integral part of the decision-making process
(Raisch & Krakowski, 2021). Therefore, organizations adopting Human-
Centered Artificial Intelligence are expected to achieve superior Financial
Decision Making Quality.

Furthermore, high-quality financial decision-making contributes
significantly to Sustainable Corporate Performance by improving resource
allocation, operational efficiency, and long-term organizational resilience.
Organizations that successfully integrate Artificial Intelligence with human
expertise are better positioned to achieve sustainable competitive advantage
because Al enhances strategic decision-making while maintaining ethical
governance and managerial accountability. Consequently, Financial Decision
Making Quality is expected to mediate the relationship between Human-
Centered Artificial Intelligence Adoption and Sustainable Corporate
Performance, enabling organizations to create long-term economic value while
responding effectively to dynamic business environments (Mariani, Machado,
Magrelli, & Dwivedi, 2023).

METHODOLOGY
Research Design

This study employed a quantitative research approach using an
explanatory research design to examine the causal relationships among
Human-Centered Artificial Intelligence Adoption, Financial Decision Making
Quality, and Sustainable Corporate Performance. A quantitative approach was
considered appropriate because the study aimed to test theoretically derived
hypotheses through statistical analysis and to quantify the relationships among
latent variables using structured numerical data. Furthermore, the explanatory
design enables researchers to investigate the direct and indirect effects among
variables within a conceptual framework, thereby providing empirical evidence
regarding the mechanisms through which Human-Centered Artificial
Intelligence Adoption influences Sustainable Corporate Performance. The study
adopted a cross-sectional survey design, in which data were collected from
respondents at a single point in time using a structured questionnaire. Cross-
sectional surveys are widely recognized as an appropriate design for examining
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organizational behavior and technology adoption because they facilitate
efficient data collection from a relatively large number of respondents while
allowing the testing of complex structural relationships (Creswell & Creswell,
2023).

To examine the proposed research model, this study employed Partial
Least Squares Structural Equation Modeling (PLS-SEM) using SmartPLS 4. PLS-
SEM was selected because it is suitable for prediction-oriented research, theory
development, and the analysis of complex models involving multiple latent
constructs and mediating relationships. Moreover, PLS-SEM accommodates
non-normal data distributions and relatively moderate sample sizes while
simultaneously assessing the measurement model and structural model. This
analytical approach has become increasingly prevalent in business,
management, and information systems research due to its robustness in
evaluating causal relationships among reflective constructs and its ability to
generate reliable parameter estimates Hair et al. (2021).

Population and Sampling

The target population of this study comprised financial managers, chief
financial officers, accounting managers, finance directors, and other financial
executives employed in Indonesian companies that have adopted Artificial
Intelligence (Al)-based financial management systems. These respondents were
selected because they are directly involved in financial planning, budgeting,
investment analysis, financial reporting, and strategic decision-making
supported by Al technologies. Given the absence of a comprehensive sampling
frame covering all Al-adopting companies in Indonesia, this study employed a
non-probability purposive sampling technique. Respondents were required to
meet the following criteria: (1) hold a managerial position in the finance or
accounting function, (2) have at least one year of experience using Al-supported
financial systems, and (3) actively participate in financial decision-making
processes. Purposive sampling is considered appropriate because it enables
researchers to obtain information-rich respondents who possess relevant
knowledge and practical experience related to the research topic (Campbell et
al., 2020).

The minimum sample size was determined based on recommendations
for Partial Least Squares Structural Equation Modeling (PLS-SEM), which
suggest that the sample should be adequate to estimate complex structural
relationships involving latent variables and mediating effects. Accordingly, this
study targeted 120 respondents, which satisfies the minimum sample size
requirement for Partial Least Squares Structural Equation Modeling (PLS-SEM)
using the inverse square root and gamma-exponential methods. This sample
size is considered sufficient to achieve adequate statistical power for estimating
the proposed structural model and testing both direct and mediating
relationships among the research variables (Kock & Hadaya, 2021).
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Data Collection and Research Instrument

Primary data were collected using a structured questionnaire
administered through an online survey platform to financial managers and
executives working in Indonesian companies that have implemented Artificial
Intelligence (Al)-based financial systems. The questionnaire consisted of two
sections. The first section gathered respondents’ demographic information,
including gender, age, educational background, years of professional
experience, and organizational characteristics. The second section measured the
research constructs, namely Human-Centered Artificial Intelligence Adoption,
Financial Decision Making Quality, and Sustainable Corporate Performance. All
measurement items were adapted from validated scales reported in previous
studies and were modified to fit the context of Al adoption in corporate
financial management. Responses were measured using a five-point Likert scale
ranging from 1 (strongly disagree) to 5 (strongly agree), which is widely
employed in organizational and management research due to its simplicity and
reliability (Taherdoost, 2022).

Prior to the main survey, the questionnaire was reviewed by academic
experts and practitioners in the fields of financial management and information
systems to ensure content validity, clarity, and contextual relevance of the
measurement items. A pilot study involving 30 respondents was subsequently
conducted to identify potential ambiguities and evaluate the consistency of the
instrument before large-scale data collection. Construct validity was assessed
using indicator loadings, Average Variance Extracted (AVE), and discriminant
validity, whereas internal consistency reliability was evaluated through
Cronbach’s Alpha and Composite Reliability (CR). The measurement model
was considered satisfactory when all constructs met the recommended
threshold values for reliability and validity, thereby ensuring that the
instrument accurately measured the proposed latent variables (Henseler, 2021).

Research Procedure

The research was conducted through several systematic stages to ensure
the rigor and reliability of the study. The initial stage involved identifying the
research problem through a comprehensive review of the literature on Human-
Centered Artificial Intelligence, Financial Decision Making Quality, and
Sustainable Corporate Performance. Based on this review, the research
framework and hypotheses were developed, followed by the preparation of the
questionnaire by adapting measurement items from previous validated studies.
Before distributing the questionnaire, the instrument was reviewed by experts
and pilot-tested to ensure its clarity, relevance, and suitability for the research
context. After refinement, the final questionnaire was distributed online to
eligible respondents who met the predetermined sampling criteria (Saunders,
Philip Lewis, & Adrian Thornhill, 2023).

Following data collection, the responses were screened to identify
incomplete questionnaires, duplicate submissions, and inconsistent responses
before proceeding to statistical analysis. The cleaned dataset was then coded
and prepared for analysis using SmartPLS 4. The analysis began with an
assessment of the measurement model to evaluate the validity and reliability of
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the constructs, followed by an evaluation of the structural model to test the
proposed hypotheses and mediating effects. Finally, the findings were
interpreted in relation to the research objectives, existing theoretical
perspectives, and previous empirical studies to formulate conclusions and
practical implications (Sekaran, Uma, & Roger Bougie, 2020).

Data Analysis

The collected data were analyzed using Partial Least Squares Structural
Equation Modeling (PLS-SEM) with SmartPLS 4 software. PLS-SEM was
selected because it is appropriate for examining complex structural models
involving multiple latent constructs and mediating relationships while
accommodating relatively moderate sample sizes and prediction-oriented
research. The analysis was conducted in two stages. First, the measurement
model (outer model) was evaluated to assess indicator reliability, internal
consistency reliability, convergent validity, and discriminant validity using
indicator loadings, Cronbach’s Alpha, Composite Reliability (CR), Average
Variance Extracted (AVE), and the Heterotrait~-Monotrait Ratio (HTMT). These
procedures ensured that each construct was measured accurately and
consistently before testing the structural relationships (Henseler, 2021).

The second stage involved evaluating the structural model (inner model)
by examining path coefficients, the coefficient of determination (R?), effect size
(f2), predictive relevance (Q?), and the Standardized Root Mean Square Residual
(SRMR). Hypothesis testing was performed using the bootstrapping procedure
with 5,000 resamples to estimate the significance of direct, indirect, and
mediating effects among the proposed variables. The research hypotheses were
accepted when the path coefficients were statistically significant at a
significance level of p < 0.05. This analytical procedure provides robust
estimates for testing causal relationships and mediation effects, making it
widely applicable in contemporary business, management, and information
systems research (Ramayah, Cheah, Chuah, Ting, & Memon, 2021)

RESULT AND DISCUSSION
Respondent Characteristics

A total of 120 valid questionnaires were collected from financial managers
and executives working in Indonesian companies that had implemented
Artificial Intelligence (Al)-based financial management systems. Prior to data
analysis, the collected responses were screened for completeness, consistency,
and eligibility. All questionnaires met the predefined inclusion criteria and
were therefore retained for further statistical analysis. The demographic
characteristics of the respondents are presented in Table 1.

Table 1. Respondent Characteristics (n = 120)

Characteristics Category Frequency Percentage
(%)
Gender Male 72 60.0
Female 48 40.0
Age 25-34 years 28 23.3
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35-44 years 46 38.3

45-54 years 32 26.7

>b4 years 14 11.7

Education Bachelor's Degree 70 58.3
Master's Degree 45 37.5

Doctoral Degree 5 4.2

Experience 1-5 years 29 24.2
6-10 years 51 42.5

>10 years 40 33.3

Table 1.1 presents the demographic characteristics of the 120 respondents
who participated in this study. Male respondents accounted for 60.0% of the
total sample, while female respondents represented 40.0%. Based on age
distribution, the majority of respondents were between 35 and 44 years old
(38.3%), followed by those aged 45-54 years (26.7%), 25-34 years (23.3%), and
over 54 years (11.7%). Regarding educational background, most respondents
held a bachelor's degree (58.3%), followed by a master's degree (37.5%) and a
doctoral degree (4.2%). In terms of professional experience, 42.5% had worked
in financial management for 6-10 years, 33.3% had more than 10 years of
experience, and 24.2% had between 1 and 5 years of experience. These findings
indicate that the respondents possessed sufficient educational qualifications
and professional experience to provide reliable information regarding the
implementation of Artificial Intelligence in financial management and
organizational decision-making.

Measurement Model Assessment
The measurement model was assessed to evaluate the reliability and
validity of the research constructs before testing the structural model. The
evaluation included indicator reliability, internal consistency reliability,
convergent validity, and discriminant validity to ensure that all measurement
items adequately represented their respective latent constructs. The results of
the measurement model assessment are presented in Table 1.2.
Table 1. Reliability and Validity Assessment

Construct Cronbach's Composite AVE
Alpha Reliability
Human-Centered Al Adoption 0.910 0.930 0.688
Financial Decision Making 0.923 0.940 0.724
Quality
Sustainable Corporate 0.901 0.925 0.672
Performance

Table 1.2 summarizes the results of the measurement model assessment.
All constructs demonstrated satisfactory internal consistency reliability, with
Cronbach's Alpha values ranging from 0.901 to 0.923 and Composite Reliability
values ranging from 0.925 to 0.940. Likewise, the Average Variance Extracted
(AVE) values for all constructs exceeded the recommended threshold of 0.50,
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indicating adequate convergent validity. These findings confirm that the
measurement items consistently represent their respective latent constructs. In
addition, all indicator loadings were above the recommended value of 0.70,
while the HTMT values remained below the acceptable threshold of 0.90,
confirming adequate discriminant validity among the constructs. Overall, the
measurement model satisfied the required reliability and validity criteria,
allowing further evaluation of the structural model.

Structural Model Assessment

The structural model was evaluated after confirming the adequacy of the
measurement model to examine the predictive and explanatory capabilities of
the proposed research model. The assessment included the coefficient of
determination (R?), predictive relevance (Q?), effect size (f?), and model fit to
determine the extent to which the exogenous constructs explain the endogenous
variables. The results of the structural model evaluation are presented in Table
1.

Table 1. Structural Model Evaluation

Variable R?
Financial Decision Making Quality 0.621
Sustainable Corporate Performance 0.687

Table 1.3 presents the evaluation of the structural model. The coefficient
of determination (R?) indicates that Human-Centered Artificial Intelligence
Adoption explains 62.1% of the variance in Financial Decision Making Quality.
Furthermore, Human-Centered Artificial Intelligence Adoption and Financial
Decision Making Quality jointly explain 68.7% of the variance in Sustainable
Corporate Performance. These results suggest that the proposed research model
possesses substantial explanatory capability for the endogenous variables. The
predictive relevance assessment also produced positive Q? values, indicating
that the model has satisfactory predictive relevance. Moreover, the
Standardized Root Mean Square Residual (SRMR) value of 0.062 falls below the
recommended threshold of 0.08, suggesting that the overall model
demonstrates an acceptable level of goodness-of-fit.

Hypothesis Testing
Hypothesis testing was conducted using the bootstrapping procedure in
SmartPLS 4 to evaluate the significance of the proposed direct relationships
among the research variables. The significance of each structural path was
assessed based on the standardized path coefficient ($), t-value, and p-value.
The results of the direct effects are presented in Table 1.
Table 1. Direct Effects

Hypothesis Relationship B t- p- Decision
value | value
H1 HCAI — 0.788 | 16.524 | <0.001 Supported
FDMQ
H2 HCAI - SCP | 0.296 | 3.541 | <0.001 Supported
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H3 | FDMQ —SCP | 0.531 | 7.184 | <0.001 | Supported |

Table 1.4 reports the results of hypothesis testing for the direct
relationships among the research variables. Human-Centered Artificial
Intelligence Adoption exhibited a positive and statistically significant effect on
Financial Decision Making Quality (f = 0.788; t = 16.524; p < 0.001), supporting
Hypothesis 1. Human-Centered Artificial Intelligence Adoption also showed a
significant positive effect on Sustainable Corporate Performance (p = 0.296; t =
3.541; p < 0.001), supporting Hypothesis 2. In addition, Financial Decision
Making Quality significantly influenced Sustainable Corporate Performance (f
= (0.531; t = 7.184; p < 0.001), providing support for Hypothesis 3. Collectively,
these findings indicate that all proposed direct relationships in the research
model are statistically significant.

Mediation Analysis

The mediating effect of Financial Decision Making Quality on the
relationship between Human-Centered Artificial Intelligence Adoption and
Sustainable Corporate Performance was assessed using the bootstrapping
procedure in SmartPLS 4. The significance of the indirect effect was evaluated
based on the standardized indirect path coefficient (p), t-value, and p-value.
The results of the mediation analysis are presented in Table 1.

Table 1. Indirect Effect
Relationship B t-value | p-value Result

HCAI - FDMQ — SCP | 0418 6.623 <0.001 Significant

Table 1.5 presents the results of the mediation analysis. The indirect
effect of Human-Centered Artificial Intelligence Adoption on Sustainable
Corporate Performance through Financial Decision Making Quality was found
to be positive and statistically significant (f = 0.418; t = 6.623; p < 0.001). These
findings indicate that Financial Decision Making Quality serves as a significant
mediating variable in the relationship between Human-Centered Artificial
Intelligence Adoption and Sustainable Corporate Performance. Since both the
direct and indirect effects were statistically significant, the mediation can be
classified as partial mediation, suggesting that Human-Centered Artificial
Intelligence Adoption influences Sustainable Corporate Performance both
directly and indirectly through improvements in Financial Decision Making

Quality.

Human-Centered Artificial Intelligence Adoption and Financial Decision Making
Quality

The findings indicate that Human-Centered Artificial Intelligence
(HCAI) Adoption has a positive and statistically significant effect on Financial
Decision Making Quality (f = 0.788; p < 0.001), indicating that organizations
adopting Al while maintaining human oversight are more likely to produce
accurate, timely, objective, and evidence-based financial decisions. This finding
supports the Socio-Technical Systems Theory, which emphasizes that
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organizational effectiveness is achieved through the integration of technological
capabilities and human expertise rather than replacing managerial judgment. In
financial management, Human-Centered Al assists managers by providing
predictive  analytics, real-time financial insights, and intelligent
recommendations while preserving human responsibility for strategic
decisions. Consequently, organizations implementing HCAI can improve
budgeting, investment evaluation, financial planning, and risk management
more effectively than those relying solely on conventional decision-making
approaches.

The findings are consistent with previous studies demonstrating that Al-
supported decision systems generate greater organizational value when human
expertise remains central to interpreting analytical outputs and making
strategic decisions (Raisch & Krakowski, 2021). Likewise, Mhlanga (2023)
reported that Al improves forecasting accuracy, minimizes cognitive bias, and
enhances the efficiency of financial analysis, while Alaminos et al. (2024) found
that Al-driven financial analytics significantly improve investment decision
quality and financial risk assessment. These results also extend the Resource-
Based View by suggesting that Human-Centered Artificial Intelligence
represents a strategic organizational capability that combines technological
resources with managerial knowledge to enhance financial decision quality.
Therefore, organizations should not only invest in Al technologies but also
strengthen employee competencies, Al governance, transparency, and
explainability to maximize the benefits of Al-assisted financial decision-making
and achieve sustainable competitive advantage.

Human-Centered Artificial Intelligence Adoption and Sustainable Corporate
Performance

The findings indicate that Human-Centered Artificial Intelligence
(HCAI) Adoption has a positive and statistically significant effect on
Sustainable Corporate Performance (p = 0.296; p < 0.001), indicating that
organizations implementing Al while maintaining human oversight,
transparency, and accountability are more likely to achieve superior long-term
organizational performance. This finding supports the Resource-Based View,
which argues that sustainable competitive advantage is achieved through the
integration of technological resources with organizational capabilities and
human expertise. Human-Centered Al enables organizations to optimize
financial planning, operational efficiency, resource allocation, and risk
management while ensuring that managerial judgment remains central to
strategic decision-making. Consequently, organizations adopting HCAI are
better positioned to enhance long-term resilience and achieve sustainable
corporate performance.

These findings are consistent with previous studies demonstrating that
Artificial Intelligence contributes to sustainable organizational performance by
improving operational efficiency, innovation capability, and data-driven
decision-making Vinuesa et al. (2020). However, this study extends the existing
literature by demonstrating that Al creates greater organizational value when
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implemented through a human-centered approach that emphasizes
collaboration between intelligent systems and managerial expertise rather than
full automation. From a theoretical perspective, the findings reinforce the
Resource-Based View by positioning Human-Centered Artificial Intelligence as
a strategic organizational capability that supports sustainable competitive
advantage. Practically, organizations should complement investments in Al
technologies with employee capability development, Al governance,
transparency, and continuous human oversight to maximize long-term
organizational sustainability.

Financial Decision Making Quality and Sustainable Corporate Performance

The findings reveal that Financial Decision Making Quality has a
positive and statistically significant effect on Sustainable Corporate
Performance (B = 0.531; p < 0.001), indicating that organizations producing
accurate, timely, and evidence-based financial decisions are more likely to
achieve sustainable organizational performance. High-quality financial
decisions enable organizations to allocate resources efficiently, manage financial
risks proactively, and improve strategic planning, thereby supporting long-
term competitiveness and resilience. This finding is consistent with the
Dynamic Capabilities Theory, which emphasizes that an organization's ability
to integrate, adapt, and reconfigure its resources through effective decision-
making is essential for sustaining competitive advantage in rapidly changing
business environments. Consequently, improving the quality of financial
decision-making strengthens organizational adaptability and contributes to
sustainable corporate growth.

These findings are supported by previous studies demonstrating that
effective financial decision-making enhances organizational performance and
long-term sustainability. Verhoef et al. (2021) argued that organizations with
strong digital transformation capabilities improve managerial decision quality,
enabling more effective strategic planning and sustainable value creation.
Similarly, Bag et al. (2021) found that organizations with stronger analytical
capabilities make better strategic decisions, resulting in higher operational
performance and organizational resilience. Furthermore, Wamba et al. (2022)
emphasized that high-quality managerial decisions supported by advanced
analytics significantly enhance organizational agility and sustainable
performance. Therefore, the present study confirms that Financial Decision
Making Quality is a critical organizational capability that not only strengthens
financial performance but also supports sustainable corporate performance
through more effective and strategic managerial decisions.

The Mediating Role of Financial Decision Making Quality

The findings indicate that Financial Decision Making Quality
significantly mediates the relationship between Human-Centered Artificial
Intelligence (HCAI) Adoption and Sustainable Corporate Performance. This
result suggests that the contribution of HCAI to sustainable organizational
performance is achieved through its ability to improve the quality of financial
decision-making. Human-Centered AI enables organizations to generate
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accurate, timely, and relevant financial information that supports strategic
planning, efficient resource allocation, and effective risk management. These
findings support the Dynamic Capabilities Theory, emphasizing that
technological resources create organizational value when they enhance
managerial capabilities and strengthen strategic decision-making processes,
ultimately leading to sustainable competitive advantage.

The mediating role identified in this study is consistent with the findings
of Kraus et al. (2022), who argued that organizations gain greater value from
artificial intelligence when technological capabilities are effectively integrated
with human expertise, organizational learning, and strategic management
practices. In line with this perspective, the present study demonstrates that
Financial Decision Making Quality serves as a critical mechanism through
which Human-Centered Artificial Intelligence translates technological
capabilities into Sustainable Corporate Performance. Therefore, organizations
should focus not only on Al adoption but also on strengthening managerial
competencies, financial analytical capabilities, and Al governance to maximize
the long-term benefits of intelligent decision-support systems.

Theoretical Contribution and Practical Implications

This study makes a significant theoretical contribution by extending the
Human-Centered Artificial Intelligence (HCAI) literature within the context of
financial management and sustainable corporate performance. Specifically, the
findings demonstrate that Financial Decision Making Quality functions as a key
mechanism through which Human-Centered AI Adoption enhances
Sustainable Corporate Performance. These results enrich the Resource-Based
View and Dynamic Capabilities Theory by providing empirical evidence that
technological resources create sustainable organizational value when integrated
with human expertise and high-quality financial decision-making. Therefore,
this study contributes to the growing body of knowledge by emphasizing that
the effectiveness of Al depends not only on technological capability but also on
managerial competence and organizational governance.

From a practical perspective, the findings provide important
implications for organizations implementing Al in financial management.
Companies should prioritize the development of Human-Centered Al strategies
by investing in employee competencies, Al governance frameworks,
explainable Al systems, and transparent decision-making processes to ensure
that Al effectively supports managerial judgment. Such initiatives can improve
the quality of financial decisions, strengthen strategic planning, optimize
resource allocation, and ultimately enhance sustainable corporate performance.
These findings are consistent with Di Vaio et al. (2020), who emphasized that
the successful adoption of artificial intelligence requires the integration of
technological innovation, human capabilities, and organizational governance to
achieve sustainable business value.
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CONCLUSIONS AND RECOMMENDATIONS

This study concludes that Human-Centered Artificial Intelligence (HCAI)
Adoption positively and significantly influences Financial Decision Making
Quality and Sustainable Corporate Performance. Furthermore, Financial
Decision Making Quality has a significant positive effect on Sustainable
Corporate Performance and serves as a mediating variable in the relationship
between HCAI Adoption and Sustainable Corporate Performance. These
findings indicate that organizations can achieve greater long-term business
sustainability by integrating Al technologies with human expertise, transparent
governance, and high-quality financial decision-making processes. Therefore,
organizations are encouraged to adopt Human-Centered Al strategies that
emphasize employee competency development, explainable Al, effective Al
governance, and continuous human oversight. Such initiatives will improve
financial decision quality, strengthen organizational resilience, and support
sustainable competitive advantage in an increasingly digital business
environment.

FURTHER STUDY

This study has several limitations that should be considered when
interpreting the findings. First, the study employed a cross-sectional research
design, which limits the ability to capture changes in Al adoption and
organizational performance over time. Second, the sample consisted of 120
financial managers and executives from Indonesian companies, which may
limit the generalizability of the findings to other industries or countries. Future
research is recommended to employ longitudinal research designs, expand the
sample across different sectors and geographical regions, and incorporate
additional variables such as organizational culture, Al trust, digital leadership,
or innovation capability to obtain a more comprehensive understanding of the
mechanisms through which Human-Centered Artificial Intelligence contributes
to sustainable corporate performance.
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